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What is DCA (Decision Curve Analysis)
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BHEFRAA— KM% A Novel Method for Evaluating Prediction
Models
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The ROC metric focuses solely on the predictive
accuracy of a model. DCA methods incorporate
40 60 il consequences and can tell us which of several

Threshald probaity in % alternative models should be used.
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Some concepts in DCA
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Threshold Probability (Pt) :

When a diagnostic method judges that the probability of a patient being ill is
greater than a certain value, it is considered that the patient needs to receive
intervention, and this value is the threshold probability.
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Net Benefit (NB) :

Gain (true positive)-loss (false positive)
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Principle of DCA
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How to draw a DCA curve
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source("dca.R")

library(rms)
library(foreign)
mydata<-read.table("dcaTest.csv",header=T,sep = ",")
attach(mydata)
modelA <- glm(Y~ x1+x2 +x3, data = mydata, family = binomial(link="logit"),x=TRUE)
modelB <- glm(Y~ x1+x2, data = mydata, family = binomial(link="logit"),x=TRUE)
mydata$predmodelA<- predict(newdata=mydata,modelA, "response")
mydata$predmodelB<- predict(newdata=mydata,modelB,"response")
dca(data=mydata, outcome="EAD",

predictors=c("predmodelA", "predmodelB"),

smooth="TRUE",

probability=c("TRUE", "TRUE"))
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For example
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Evaluate the predlctlve power of two models to predict EAD by DCA.
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<-read.table("D:/R_demo/DCA/dcaTest.csv” ,header=T,sep = ","] itk 10N nhs a8 warda
1TT1-h_mydataﬁ
modelA <- glm(EAD~ LPC_l+age +gender+BMI, data = mydata, family = b - - ,
modelB =- glm{EAD~ LPC_2+AST_l+age —gvﬂder—EMI, data = mydata, fami #* Zoom | & Export - | &
modelC =- glm{EAD~ LPC_2, data = mydata, family = binomial(link="To
mydataipredmodela=<- predict(newdata=mydata,modela,"r
mydataipredmodelB=<- predict(newdata=mydata,modelB,"
mydata?predmnde1c:- predic ﬁﬂewdata= lata,modelcC,
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How to interpret a DCA curve
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The larger the area under the
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curve, the better the
diagnosis/prediction model.
(The farther the curve is from

“Worthless 'L" ", the better)
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Threshold probability
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